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Abstract: Social media is often prized as an excellent mechanism for two-way communication between 
diplomats and their audiences. Being a relatively new field of research, there is still a lack of studies into 
this subject. One particular, important subject is the use of language. The effects of the use of language 
have been the subject of many studies in multiple fields of research. More particular, the effects of using 
an audience’s native language over the lingua franca, English. These effects have been studied in the 
fields of advertising, psychology and many more. This study provides insights from this previous research 
in several fields and applies these to the field of digital diplomacy in an attempt to give a better 
understanding of the importance of the use of different languages in digital diplomacy. It argues, that 
using a native language instead of English will provide positive results on the amount of responses by 
target audiences. This is tested by analyzing thousands of tweets, tweeted by carefully selected 
diplomatic Twitter accounts. The data suggests that using a native language instead of English does 
indeed have a positive effect on the amount of responses by a target audience. 
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Introduction 
There has been plenty of research conducted on the effects of the use of native or second languages in 
the field of psychology, advertising and international relations. However, being a new field of research, 
this concept has not (yet) received much attention from the field of digital diplomacy. Studies have 
shown differences in the use of Twitter conventions among different languages (Hong & Convertino & 
Chi, 2011). Others have shown the effects of using native language on advertising (Koslow et al., 1994). 
And cognitive scholars have shown how the use of a second language could influence cognitive processes 
(MacIntyre & Gardner, 1994). This study however, will focus on how the use of native language in digital 
diplomacy efforts could influence responses from the public. 
Digital diplomacy has become an important part of diplomacy nowadays as the social media site Twitter 
is highly used by diplomats. The Twiplomacy Study 2015 found that 85% of the UN member countries 
have a presence on Twitter and 70% of all heads of state and government have personal Twitter 
accounts (Burson-Marsteller, 2015). Digital diplomacy acts as a tool for information management, but 
also as a platform that facilitates direct two-way communication between a diplomat and his or her 
target audience (Holmes, 2015). Language is an essential part of this communication in two ways, the 
choice of certain words and the meaning of these words, and the choice of using a language in general – 
for instance English or French. This study will focus on the latter, as choosing the right language for a 
target audience could prove to be very important in reaching a target audience (Koslow et al., 1994). 
Also, this study will add to a body of literature on the use of language, introducing the notion of language 
into a new field of research: the field of digital diplomacy. As shown in prior research, the use of 
language proved to be a useful tool in advertising. Since digital diplomacy, as a form of soft power (Nye, 
2008), shares some characteristics with advertising – as it aims at convincing others of one’s ideas and 
believes – language could prove to be a useful tool in digital diplomacy efforts as well. Combining these 
two concepts could provide for some interesting insights and perhaps a better understanding of the role 
language could play in digital diplomacy efforts.  
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Literature Review & Hypotheses 
With the rise of social networking services (SNSs), countries all over the world have started using digital 
diplomacy to further  their diplomatic efforts. As this allows countries to directly engage and interact 
with foreign publics, digital diplomacy is often seen as an important tool in furthering a country’s foreign 
policy but has been interpreted, defined and understood in different but somewhat similar ways (Sotiriu, 
2015: 33). Diplomacy on its own is generally described as “the conduct of relations between states and 
other entities with standing in world politics by official agents and by peaceful means” (Bull, 1997: 156). 
Bjola and Holmes add to this the dimension of diplomacy being a method of change management (Bjola, 
2015: 1)(Holmes, 2015: 15). 
Within diplomacy there is a subcategory called public diplomacy, which focuses on direct communication 
with foreign peoples to affect their thinking, and indirectly their government’s thinking (Malone, 1985: 
199). Digital diplomacy is often seen as a form of public diplomacy. The digital aspect of diplomacy offers 
a revolutionary chance to communicate directly with foreign audiences in a system of two-way 
communication. Diplomats will be able to better understand the needs of different audiences and can 
tailor their message to these audiences. This shift from a monologic model of communication to a more 
dialogic one, gives the audience the feeling that they are heard and a feeling that the diplomats are 
approachable. The fact that diplomats can tailor their messages to different audiences and engage in a 
monologue with their audience, gives them the opportunity to create long-lasting relationships with 
these audiences (Kampf & Manor & Segev, 2015: 332). This study therefore offers the definition of digital 
diplomacy as the use of SNS in order to foster dialogue with online publics. 
However, digital diplomacy serves more functions than just that of public diplomacy (Holmes, 2015: 18). 
Digital diplomacy can be used in different ways. The rise of SNSs, and the internet in general, have given 
diplomats the opportunity to do the same things they have always done, but in a more efficient way. 
Things like information creation, dissemination and management are much easier through digital 
diplomacy. This makes digital diplomacy an important tool in strategically controlling what information is 
shared with the public (Holmes, 2015: 18). Also, the spreading of a country’s ideas is much easier 
through SNSs than through traditional media, as mentioned before (Westcott, 2008: 17). Besides these 
functions, digital diplomacy can be used in order to acquire and analyze information. The acquisition of 
this information has become much easier through internet and SNSs. People put information online and 
this provides a never-seen-before database of information for diplomats. So, the amount of information 
has massively increased, but at the same time, through online tools the analysis of this information has 
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also become much easier (Westcott, 2008: 17). Tools like Webscraper applications, or simply programs 
like Excel offer easy ways to gather, and process information. Statistical models then offer great ways for 
easily interpreting this information. Diplomats then could – and should – use this information to their 
advantage, for instance in tailoring their messages towards a specific audience based on the gathered 
information. 
According to Nye (2008), diplomacy plays a crucial role in a country’s soft power. He defines soft power 
as “the ability to affect others to obtain the outcomes one wants through attraction rather than coercion 
or payment” (Nye, 2008: 1). To affect others through attraction rather than coercion, there are several 
important factors that come into play. One of these factors is language. The use of language could play a 
crucial part in the effectiveness of soft power in two ways. First, the use of certain words could influence 
how the public – focusing on public diplomacy – would react to a message. One way of doing this is 
framing a topic in a certain way. Framing refers to “the way in which the actual presentation of news 
information influences how people perceive specific issues” (Robinson, 2012: 176). Certain words can be 
used to frame an issue in a certain way to make the public think about it in a certain way. Also, the use of 
the same words can mean different things, as words could be perceived in different ways by different 
people. As Jaber (2001) argues, “words, however innocent or neutral they may look on paper or when 
standing alone, can be quite explosive, emotive, calming, agitating or even revolutionary”. He states that 
words could mean different things depending on who reads or hears the words, or could even have 
different meanings in different places or different times, and that words could be misinterpreted. 
Normatively, diplomatic language should however not be culture-bound but attempt to transcend 
cultural boundaries and be neutral. 
Secondly, since public diplomacy focuses on trying to reach foreign publics, it is important to 
acknowledge the importance of language barriers. For example, nuanced differences in meaning could 
cause major conflicts between diplomats or even on the higher level, between states (Lehman-Wilzig, 
2001: 20). One of the best examples of language barriers having detrimental consequences is the 
bombing of Hiroshima and Nagasaki in 1945. The US had given Japan an ultimatum and Japan’s prime 
minister responded to this by saying his government would mokusatsu the ultimatum. This word could 
mean two things, “to consider”, or to “to take no notice”. The word was interpreted as the latter with 
the bombing of Hiroshima and Nagasaki as a result (Lehman-Wilzig, 2001: 20). While this is an extreme 
example, such language barriers could constitute many conflictual situations. 
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There has been prior research on the use of language in different areas, primarily focused on the 
different meanings words can bear. There is research on this subject in for instance international 
relations, with language being an important factor in (mainly) positivist theory (Fierke, 2002: 331). 
However, in international relations, the question of language has been marginalized under the 
assumption that “dealing with language is equivalent to being uninterested in research” (Fierke, 2002: 
351), implying that if one focuses on the use of language as a subject for research, you might as well not 
do the research, and that it is an easy way out to explain certain phenomenon’s through language. 
Because of this, many scholars have stayed away from language and would only refer to norms or 
meanings. The debate is focused on the question whether language is actually important to the analysis 
of international relations (Fierke, 2002: 351). However, as seen in the example of Hiroshima and 
Nagasaki above, language could play a very important role in diplomatic efforts, especially digital 
diplomatic efforts, where the use of language can be seen by everyone.  
Since digital diplomacy is such a new subject, research on it is limited. Despite growing interest in the 
subject, few studies have focused on this new form of diplomacy (Kampf & Manor & Segev, 2015: 332). 
Specifically, research on the influence of using an audience’s native language on public reactions to 
digital diplomacy is non-existent. Drawing on earlier research on the use of different languages in 
diplomacy, and the effects of different languages in general, there is potential for an interesting analysis 
regarding its effects on public reactions to digital diplomacy. Hence, this study will attempt to fulfil this 
potential and bring more knowledge and insights into the world of digital diplomacy, specifically the use 
of different languages in digital diplomacy. 
The common international language – lingua franca – is English. Approximately 400 million people speak 
English as their mother language and approximately 700 million people speak English as a second 
language (www.englishlanguageguide.com). This leaves billions of people who do not (adequately) speak 
English. With the new opportunities SNSs give in reaching bigger audiences with digital diplomacy 
efforts, the predominant use of English could thus potentially be a problem. The aforementioned gap in 
research could be filled with new research, potentially making digital diplomacy more efficient through 
the use of language. Research in the field of cognitive effects of language could add to the analysis in this 
study. 
Hong, Convertino and Chi (2011), have studied the use of language on Twitter. They addressed two main 
questions, the first being: “What is the frequency distribution of the top languages used in Twitter?” and 
the second being “Are there noticeable behavior differences exhibited by users of different languages?”. 
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In the second question they looked at URLs, hashtags, mentions and reply and retweet rates. They 
analyzed 62 million tweets by grouping users into language communities and comparing key behaviors 
across these communities (Hong & Convertino & Chi, 2011: 518). The top 10 languages used on Twitter 
were found to be as follows: (1) English, (2) Japanese, (3) Portuguese, (4) Indonesian, (5) Spanish, (6) 
Dutch, (7) Korean, (8) French, (9) German, and (10) Malay. They analyzed the earlier mentioned variables 
and found that the 10 language communities showed considerable differences in using these specific 
Twitter conventions (Hong & Convertino & Chi, 2011: 521). For instance, differences in the use of 
hashtags or the use of URLs (links to other websites) were found. Twitter was used for different purposes 
in different languages. German language users tended to include URLs and hashtags more often, thereby 
using Twitter as a platform for content sharing. Korean language users tended to reply more to each 
other, thereby using Twitter as a platform for communication. These variations could be explained 
through cultural differences, or perhaps by how long Twitter had been used by a language community, 
or how many people actively used Twitter, geographical spread etc. (Hong & Convertino & Chi, 2011: 
521). This empirical research and its findings form interesting conclusions on the implications of the use 
of different languages on Twitter. It serves as a very interesting base to extend this research to the topic 
of public reactions to digital diplomacy. 
Drawing on literature in the area of advertising, a very interesting study was conducted by Koslow, 
Shamdasani and Touchstone. They studied the effects of using a specific subculture’s language in 
advertising geared towards this subculture. They used the case of United States Hispanics as a subculture 
and analyzed the effects of Spanish language usage in advertising to this subculture (Koslow et al., 1994: 
575). They explain the effects of the use of Spanish language through the sociolinguistic theory of 
accommodation. This theory, in its most basic form, predicts that “the greater the amount of effort in 
accommodation – meaning choice of language – that a bilingual speaker of one group was perceived to 
put into this message, the more favorably he would be perceived by listeners from another ethnic group, 
and also the more effort they in turn would put into accommodating back to the speaker” (Giles et al., 
1973: 177). In their study, Koslow et al. find that “Hispanics value the use of Spanish less for what the 
advertisements communicate about products than for what Spanish usage signals about the importance 
of Hispanics as consumers” (Koslow et al., 1994: 582). This shows that the effect of using a native 
language in advertising goes far beyond the functional role in literal comprehension of an advertisement, 
and also has an important symbolic role. This sociolinguistic theory of accommodation could also be 
applied to the world of digital diplomacy and thus this research gives a very interesting view on the 
symbolic use of language in digital diplomacy. 
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Moving on from the area of advertising, there is also interesting literature to be found in the area of 
psychology. In a study by MacIntyre and Gardner (1994) on the effects of language anxiety, they stated 
that research has shown that language anxiety – “the feeling of tension and apprehension specifically 
associated with second language contexts” (MacIntyre & Gardner, 1994: 284) – is the specific type of 
anxiety most closely related with second language performance. In their study, they identify two of the 
most common indices of language achievement as course grades and standardized language proficiency 
tests (MacIntyre & Gardner, 1994: 284). Research on this topic has consistently shown significant 
negative correlations between language anxiety and these indices (Clément, Gardner & Smythe, 1977, 
1980; Gardner & Maclntyre, 1993; Gardner, Smythe, & Lalonde, 1984; Horwitz, 1986; Phillips, 1992; 
Trylong, 1987). Their results support this claim and also find that this negative correlation is not true with 
native language. They state that “potential effects of language anxiety on cognitive processing in the 
second language appear pervasive and may be quite subtle” (MacIntyre & Gardner, 1994: 301). This 
research could prove to be useful in analysing the effect of the use of native language on public 
reactions. Responding to a Twitter post will put one’s response on show for everyone to see. This could 
be seen as a form of second language performance – if one responds to a Tweet in one’s second 
language. Thus, there might be a possibility of language anxiety affecting the way one would respond to 
a Tweet, or even if one would respond at all. 
Looking at the previously mentioned studies, it is clear that language is an interesting subject of study. So 
there are differences in the use of Twitter conventions between language groups, which could mean that 
using a certain language might have a more positive effect than using another language. Also, in the 
sociolinguistic theory of accommodation, language fulfills a symbolic role, having shown more positive 
responses in the world of advertising. This concept could thus prove to positively affect responses to 
digital diplomacy efforts in native languages, too. With the concept of language anxiety, MacIntyre and 
Gardner explained that anxiety of using one’s second language might result in a lower second language 
performance. For responses to Tweets, this might mean that people are less likely to reply to Tweets in 
their second language, as they are insecure about their second language performance on such a public 
platform. Taking all these factors into consideration, the following hypotheses can be constructed: 
H1: The use of a native language in digital diplomacy efforts on Twitter instead of English will 
result in higher amounts of likes to these efforts.  
H2: The use of a native language in digital diplomacy efforts on Twitter instead of English will 
result in higher amounts of retweets to these efforts. 
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H3: The use of a native language in digital diplomacy efforts on Twitter instead of English will 
result in higher amounts of replies of these efforts. 
Research Design & Methodology 
Cases 
For this study, I have carefully selected several cases. The selected cases will be Twitter accounts that 
contain tweets in both English, as well as the native language of the country which the account targets. 
Ideally the cases contain the same tweets in both English as well as the native language, however cases 
like these are hard to find. For this reason, this study will use several cases in which the tweets are in 
English as well as the native language, but in which these two tweets do not always cover the same 
topic. The selection of these cases is based on a few factors. I have selected a total of four cases, 
differing in activity levels, size of their following, the country of their target audience and English 
proficiency levels. Three of the cases represent countries with lower levels of English proficiency, and 
one case represents a country with a high level of English proficiency. The reasoning behind this, is that it 
allows us to spot potential differences in the dependent variables as a result of the target audience’s 
level of English. Also, as explained in the literature review, the use of Twitter conventions can differ 
between different language users. By using cases with different languages, it could be possible to see 
differences between these groups. This could add to the explanation of why certain results occur in our 
analysis. 
The first case will be the Twitter account of the United States Ambassador to Honduras. I believe this 
would be a fitting case as it is one of the few cases that actually contains tweets in English and Spanish 
(the native language in this case) that mostly cover the same topic. It is an active account as the most 
amount of tweets per month recorded was 285 tweets in one month. The account also forms a large 
source of data as it has over 5.000 total tweets and over 38.000 followers. 
The second case is the Twitter account of the United States Embassy in Bangkok, Thailand. They post 
their tweets in English as well as Thai. This too, is an active account with a peak of 255 tweets in one 
month. The account has over 10.000 total tweets and over 66.000 followers, making this account a rich 
source of data as well. 
The third case is the Twitter account of the French Mission to the United Nations. This account posts a 
large portion of its Tweets in English, as well as French, though not all of them. This is the most active 
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account out of all, with a peak of 376 tweets in one month. This account has nearly 15.000 total tweets 
and over 64.000 followers, making this too, a huge source of data. 
The fourth and last case is the Twitter account of US Embassy in The Hague, in the Netherlands. They 
post in English and Dutch. They are less active than the first three cases, with a peak of 82 tweets in one 
month, over 3.400 total tweets and about 9.600 followers. The reason for picking this case is that it 
represents a high level of English proficiency. It is one of the biggest diplomatic twitter accounts in 
countries with high levels of English proficiency that tweets in English as well as native language. 
The English proficiency levels used in this study are the ones attributed to the countries by Education 
First’s English Proficiency Index 2015. This index is based on a survey model in which participants make 
an online test to gauge their proficiency of the English language. This however, causes it to present a 
somewhat skewed image, since it only takes into account people who actually participate in an English 
test. These people are generally interested in testing their proficiency and thus it is a bit biased. 
However, it still presents a general image on the level of English proficiency and is “increasingly cited as 
an authoritative data source by journalists, educators, elected officials, and business leaders” (EF EPI, 
2015), making it a useful source. The scale in this index has five categories: (1) very low; (2) low; (3) 
moderate; (4) high; (5) very high (EF EPI, 2015). The ratings for the cases are as follows: (1) Netherlands: 
very high; (2) France: low; (3) Thailand: very low. Unfortunately, for the case of Honduras there is no 
data. There is actually no data to be found anywhere for Honduras, so an estimation of this country’s 
level has to be made. This estimation will be based on the EF EPI scores of neighbouring countries and 
the region as a whole, and studies on English proficiency of Honduran immigrants in the United States. 
The overall EF EPI score for Latin America is Low, and Honduras’ neighbouring countries rate either low, 
or very low. Looking at data regarding Honduran immigrants in the United States, we see that 70% of the 
immigrants had limited English proficiency (Migration Policy Institute, 2015). According to the 
Eurobarometer 386 report in 2012, regarding the question if people were proficient enough at the 
English language to hold a conversation, the Netherlands received a score of 90%, and France a score of 
39% (Eurobarometer, 2012). The corresponding EF EPI scores, as mentioned before, are very high and 
low respectively for the Netherlands and France. Taking into account the information from these 
sources, it can be inferred that (4) Honduras is approximately at the very low, or low level of English 
proficiency. Further, more accurate distinction between these two categories is not necessary, as it is 
irrelevant for the purposes of this study. 
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Data collection 
The unit of analysis for this research will be tweets on these accounts. To acquire the data on these 
tweets for all our variables, a ‘Webscraper’ application was used (www.webscraper.io). With this 
application, the four different cases were ‘scraped’ for data on the variables likes and retweets, making 
acquiring the data fairly easy. For the variable replies however, it was less simple. As Twitter does not 
have a counter for the amount of replies, these had to be counted by hand. Because the total dataset 
consisted of 15.360 tweets, this would be a surreal amount of work. Thus a stratified random sample of 
800 tweets was made. Stratified random sampling is a method of sampling that divides the population 
(in this case all the tweets) into smaller groups, or strata. Random samples from each stratum (each 
case) are taken and then pooled together to form a random sample (www.investopedia.com). This 
sample was based on a random number generator and consisted of 200 tweets per case, divided into 
100 tweets in English and 100 tweets in the case’s native language.  
The 15.360 tweets that were analysed were all original tweets from the cases, as retweets on the 
accounts were left out of the data – this was done through Twitter’s advanced search option. Including 
retweets would cause tweets from other accounts, that have a different target audience, to be included 
in the data. This would cause disrupted numbers in the variables as these tweets would have a bigger 
total audience, thus having a bigger opportunity to receive higher amounts of likes, retweets and replies. 
The dataset was also limited to tweets in the period of May 2013 through April 2016, as the former was 
the point at which all the accounts were tweeting in two languages and the latter was the point at which 
the data was collected. 
Variables 
The independent variable in this research is the language in which Tweets are posted. In the case of 
Honduras this would be English and Spanish, in the case of Thailand, English and Thai, in the case of 
France, English and French, and in the case of the Netherlands this would be English and Dutch. This is a 
binary variable as the variable can only occur in one of two possible states per case – being English and 
the specific native language per case described above. 
The dependent variables will be operationalized by counting the amounts of the twitter features (1) 
retweets, (2) likes, and (3) replies. This is based on previous research by Hong, Convertino and Chi 
(2011), in which they use reply and retweet rates, mentioned previously, adding to these the variable of 
like rates. These variables are count variables as this sort of variable simply counts the amount of 
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retweets, likes or replies. The variables have a value of zero if there is no quantity of the variable 
present. 
Besides the use of language, other factors could influence the dependent variables as well. To account 
for this, this study will make use of two control variables. By using control variables it is possible to 
decompose the data into subgroups based on the categories of the control variable (Argyrous, 2011: 
158). The first control variable is the activity level of the cases, measured in tweets per month (TPM). 
This would account for possible variations in likes, retweets or replies as a result of different levels of 
activity. The second control variable is the year in which the tweet was tweeted. This would account for 
variations as a result of factors changing over time. For instance, an account might gain popularity 
throughout the years, or Twitter in general might gain popularity throughout the years. 
Statistics 
To apply statistics to the acquired data I will be making using of the statistics programme SPSS. The 
statistics used to analyse the data in this study will be negative binomial regression. This form of 
regression is used in count response models. As we are dealing with count variables as the dependent 
variable, and multiple control variables, this is the model of choice in this study. This form of regression 
will show the Chi-Square, the statistical significance of possible relationships, and the direction of 
possible relationships, alongside the descriptive statistics for the variables. The Chi-Square will provide a 
test of the model, it compares the model to a model without any predictors (a “null” model). If the Chi-
Square turns out to be statistically significant (if Sig. is ,05 or lower), the model is a significant 
improvement over the model without any predictors (www.ats.ucla.edu). For any possible relationships, 
the statistical significance level of ,05 or lower also applies. Besides negative binomial regression, the 
descriptive statistics per case will be shown. These descriptive statistics give the possibility to spot 
possible differences in use of Twitter conventions, as Hong, Convertino and Chi studied. This could add 
to the analysis of possible differences between the cases. 
Results 
The results of the analysis of the acquired data are divided into two sections. First, I will present the 
descriptive statistics, covering general information like mean and standard deviation about the data. 
Second, I will present the results of running the data through the negative binomial regression model, to 
establish possible relations, their direction, and their statistical significance. The descriptive statistics will 
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be presented by case and the results of the negative binomial regression analysis will be presented per 
dependent variable, with likes being the first, retweets the second, and replies the third. 
Descriptive statistics for all variables per case 
The descriptive statistics per case are shown in the tables below. The statistics shown are N (the number 
of tweets analysed), the mean, the standard deviation and the standard error mean. 
1a. Honduras 
 N Mean Std. Deviation Std. Error Mean 
Likes 3493 4,91 12,980 ,220 
Retweets 3493 11,08 41,815 ,708 
Replies 200 1,33 4,517 ,319 
 
1b. Thailand 
 N Mean Std. Deviation Std. Error Mean 
Likes 4790 1,91 5,590 ,081 
Retweets 4790 5,14 33,282 ,481 
Replies 200 ,27 1,688 ,119 
 
1c. France 
 N Mean Std. Deviation Std. Error Mean 
Likes 5879 3,57 9,921 ,129 
Retweets 5879 9,96 17,474 ,228 
Replies 200 1,00 2,103 ,149 
 
1d. Netherlands 
 N Mean Std. Deviation Std. Error Mean 
Likes 1198 1,66 4,112 ,119 
Retweets 1198 3,83 9,223 ,266 
Replies 200 ,15 ,442 ,031 
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The descriptive statistics above show that there are big differences between the cases. The Netherlands 
and Thailand seem to have lower amounts of likes, retweets and replies than France and Honduras. This 
could be the result of factors outlined in the literature review. What is notable, is the differences 
between the cases with similar levels of English proficiency. Differences between the cases with lower 
levels (France, Honduras and Thailand) and higher levels (Netherlands) could be explained through these 
different levels of English proficiency. However, for the differences between cases with similar levels this 
does not apply. These differences could possibly be explained through the different uses of Twitter 
conventions outlined by Hong, Convertino & Chi (2011).  
Negative Binomial Regression 
The tweets per language and the dispersion of the tweets among the cases and years are shown in the 
tables above the negative binomial regression results. The countries correspond to the target audiences 
of the cases. For the United States Ambassador to Honduras, this is Honduras. For the United States 
Embassy in Bangkok, this is Thailand. For the French Mission to the United Nations, this is France. And 
for the United States Embassy in The Hague, this is the Netherlands. The dependent variable replies was, 
as mentioned earlier, analysed through a sample of 800 tweets and thus has a different dispersion. 
Likes 
Table 2a. Likes: Dispersion of tweets 
Factor N Percentage 
Language:   
- English 7.297 47,5% 
- Native 8.063 52,5% 
- Total 15.360 100,0% 
Country:   
- Honduras 3.493 22,7% 
- Thailand 4.790 31,2% 
- France 5.879 38,3% 
- Netherlands 1.198 7,8% 
- Total 15.360 100,0% 
Year:   
16 
 
- 2013 2.994 19,5% 
- 2014 5.281 34,4% 
- 2015 5.580 36,3% 
- 2016 1.505 9,8% 
- Total 15.360 100,0% 
 
In the next table, the descriptive statistics for the control variable tweets per month (TPM) are shown, 
alongside the descriptive statistics for the dependent variable likes. This table shows the minimum and 
maximum amounts, and the mean and standard deviations of the variables. 
Table 2b. Likes: Discriptive statistics Likes and Tweets Per Month 
 N Minimum Maximum Mean Std. Deviation 
Likes 15.360 0 305 3,21 9,405 
Tweets Per Month 15.360 8 376 162,40 78,783 
 
In the negative binomial regression model one of the categories in the categorical variables has to be left 
out, because the model compares the other categories to the category left out. So, for the control 
variable year, the year 2016 has been left out. That way we can compare the past status of the cases, 
and Twitter in general, to their current status. 
For the category countries, the case of the Netherlands is left out. The reasoning behind this, is that the 
Netherlands is the only case with a very high level of English proficiency, so the other three cases – all 
having a low level of English proficiency – can easily be compared to this case. This could allow to add a 
possible explanation into the analysis of a possible relation between the independent variable language 
and the dependent variables likes, retweets and replies. 
The parameter of the countries has to be interpreted in a somewhat different way.  This is a result of the 
use of a dummy variable in the model, which has two values, the selected case being numbered 1 and 
the “others” being numbered 0. The parameter given by the model shows the relationship of the 
“others” (numbered 0) with the dependent variable in comparison with the selected case (numbered 1). 
Put simply, if the parameter shows a negative value at a case, this means that the “other” cases have less 
likes, retweets or replies than that case and vice versa. These results are also reflected in the descriptive 
statistics above. 
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The results from running the data for the dependent variable likes through the model of negative 
binomial regression are shown in the tables below. The first table shows the Chi-Square value, a test of 
the model, which was explained earlier. The second table shows possible relationships, their direction 
and their statistical significance. 
Table 2c. Likes: Omnibus Test 
Likelihood Ratio 
Chi-Square 
Df Sig. 
5016,703 8 ,000 
 
Table 2d. Likes: Parameter Estimates 
Parameter B Sig. 
Language: English -,200 ,000 
Year: 2013 -1,542 ,000 
Year: 2014 -,778 ,000 
Year: 2015 -,253 ,000 
Tweets Per Month -,004 ,000 
Honduras -1,359 ,000 
Thailand -,616 ,000 
France -1,249 ,000 
 
Looking at the table above, it is important to keep in mind that everything is in comparison with the case 
of the Netherlands. The parameter B indicates the direction of the relation between the mentioned 
variables with the dependent variable likes, and the parameter Sig. (significance) indicates the statistical 
significance of this relation. If the significance level is ,05 or below, the relation can be labeled 
statistically significant. 
The parameter estimates in table 2d show a relationship between our most important independent 
variable, language, and the dependent variable likes is present. It shows that, in comparison with the 
native languages used in each case, the use of English has a negative impact on the amount of likes – it 
gives a value of -,200 for B for the factor English language. Meaning the use of native languages has a 
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positive impact on the amount of likes. The ,000 value in the Sig. column also shows that this relationship 
is highly statistically significant. 
For our control variables, it shows that in comparison with the year 2016, the earlier years had a 
statistically significant negative relationship with the amount of likes. Also, the variable TPM shows a 
statistically significant negative relationship with the amount of likes. And the table shows that the three 
cases in the model, compared to the Netherlands, have statistically significant negative relationships 
with the dependent variable likes. 
Retweets 
For the dependent variable retweets the dispersion of the tweets amongst language, year and country is 
the same as that for the dependent variable likes. All the data for the variable retweets will be presented 
below, in a similar fashion as the data for the dependent variable likes was presented. 
Table 3a. Retweets: Dispersion of tweets 
Factor N Percentage 
Language:   
- English 7.297 47,5% 
- Native 8.063 52,5% 
- Total 15.360 100,0% 
Country:   
- Honduras 3.493 22,7% 
- Thailand 4.790 31,2% 
- France 5.879 38,3% 
- Netherlands 1.198 7,8% 
- Total 15.360 100,0% 
Year:   
- 2013 2.994 19,5% 
- 2014 5.281 34,4% 
- 2015 5.580 36,3% 
- 2016 1.505 9,8% 
- Total 15.360 100,0% 
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Table 3b. Retweets: Descriptive statistics Retweets and Tweets Per Month 
 N Minimum Maximum Mean Std. Deviation 
Retweets 15.360 0 1.848 8,24 29,562 
Tweets Per Month 15.360 8 376 162,40 78,783 
 
Table 3c. Retweets: Omnibus Test 
Likelihood Ratio 
Chi-Square 
Df Sig. 
4558,634 8 ,000 
 
Table 3d. Retweets: Parameter Estimates 
Parameter B Sig. 
Language: English -,440 ,000 
Year: 2013 -,210 ,000 
Year: 2014 -,033 ,294 
Year: 2015 ,187 ,000 
Tweets Per Month -,006 ,000 
Honduras -1,112 ,000 
Thailand -,595 ,000 
France -1,606 ,000 
 
As with the dependent variable likes, it is important to keep in mind that these numbers are all in 
comparison with the case of the Netherlands. Again, we look at the value of B for a possible relationship 
and the direction of this relationship and at the value of Sig. for the statistical significance of this 
relationship. If this value is ,05 or below, it is considered statistically significant. 
Just like for the variable likes, the parameter estimates in table 3d show a relationship between our most 
important independent variable language and the dependent variable retweets. Here too, the effect of 
the use of English in comparison with the use of native language has negative effects on the amount of 
retweets. It gives a value for B of -,440 for the factor English language and a Sig. value of ,000. This 
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significance value shows that this relationship is highly statistically significant. This means the use of a 
native language also has a positive impact on the amount of retweets. 
Looking at the control variable year, in comparison with the year 2016, we see a statistically significant 
negative relationship between the year 2013 and the amount of retweets, a statistically insignificant 
negative relationship between the year 2014 and the amount of retweets, and a statistically significant 
positive relationship between the year 2015 and the amount of retweets. There is a statistically 
significant negative relationship between the TPM variable and the amount of retweets. And in 
comparison with the Dutch case, the three other cases show statistically significant negative 
relationships with the dependent variable retweets. 
Replies 
As mentioned before, the data for the dependent variable replies was acquired in a different way. The 
amount of replies per tweet had to be counted by hand since Twitter has no counter for replies. To do 
this for all 15.360 would be too much work for the time at hand, so the data had to be gathered from a 
sample. By using stratified random sampling through a random number generator, 800 tweets were 
selected. The sample sizes and the statistics for these samples will be shown below in the same fashion 
as the two other dependent variables have been shown above. 
Table 4a. Replies: Dispersion of tweets 
Factor N Percentage 
Language:   
- English 400 50,0% 
- Native 400 50,0% 
- Total 800 100,0% 
Country:   
- Honduras 200 25,0% 
- Thailand 200 25,0% 
- France 200 25,0% 
- Netherlands 200 25,0% 
- Total 800 100,0% 
Year:   
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- 2013 161 20,1% 
- 2014 292 36,5% 
- 2015 256 32,0% 
- 2016 91 11,4% 
- Total 800 100,0% 
 
Table 4b. Descriptive statistics Replies and Tweets Per Month 
 N Minimum Maximum Mean Std. Deviation 
Retweets 800 0 45 ,68 2,681 
Tweets Per Month 800 10 376 136,56 84,172 
 
Table 4c. Replies: Omnibus Test 
Likelihood Ratio 
Chi-Square 
Df Sig. 
287,032 8 ,000 
 
Table 4d. Replies: Parameter Estimates 
Parameter B Sig. 
Language: English -,343 ,007 
Year: 2013 -,209 ,468 
Year: 2014 ,607 ,020 
Year: 2015 ,651 ,012 
Tweets Per Month -,007 ,000 
Honduras -2,845 ,000 
Thailand -1,278 ,000 
France -2,784 ,000 
 
Although this variable is a bit different in the way it was measured, the results are still interpreted in the 
same way as the other dependent variables. This means that in this case the numbers are in comparison 
with the case of the Netherlands as well. The value for language in the B column is -,343 with a Sig. value 
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of ,007. This shows a statistical significant negative relationship between the use of English and the 
dependent variable replies, as we speak of a statistically significant relationship for Sig. values of ,05 and 
below. So, the use of native language also has a positive impact on the amount of replies. 
For the control variables, we see that in comparison with the year 2016, the year 2013 shows a 
statistically insignificant negative relationship with the amount of replies, and the years 2014 and 2015 
both show statistical significant positive relationships with the amount of replies. The variable TPM 
shows a significant negative relationship with the amount of replies. The three cases of Honduras, 
Thailand and France, all show a significant negative relationship with the amount of replies in 
comparison with the case of the Netherlands. 
Conclusion 
We have seen that the data supports our hypothesis. The use of a native language instead of English in 
diplomatic efforts on Twitter seems to positively affect the amount of likes, retweets and replies a tweet 
receives. This conclusion could be the result of several variables. First of all, it is likely that in countries 
with a low level of English proficiency, a large group of people simply do not understand the tweet, 
largely affecting the responses to it. Also, as was pointed out in the literature review, the proficiency of 
English as a second language could affect the responses to a tweet through the phenomenon of language 
anxiety, as described by MacIntyre & Gardner (1994). People with low English proficiency might be 
anxious to use English in writing a reply. Another possible explanation, also reviewed in the literature 
review, was given by Koslow et al. (1994). They explained the symbolic role of language through the 
sociolinguistic theory of accommodation, which means that “the greater the amount of effort in 
accommodation – meaning choice of language – that a bilingual speaker of one group was perceived to 
put into this message, the more favorably he would be perceived by listeners from another ethnic group, 
and also the more effort they in turn would put into accommodating back to the speaker” (Giles et al., 
1973: 177). So, if a diplomat showed that he or she would put effort into trying to use the audience’s 
native language, this would positively impact the audience’s response. Lastly, the study Hong, Convertino 
& Chi conducted, pointed out that different language groups use Twitter differently. This could be a 
possible explanation as to why differences occur between countries besides the factor of English 
proficiency. This is visible in the descriptive statistics of the dependent variables as there are big 
differences between the cases, even if these have similar English proficiency levels, but also in the 
parameters shown in the negative binomial regression for the cases. Both show the case of the 
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Netherlands having low amounts of likes, retweets and responses, and the three other cases having 
higher amounts. 
As for the control variables, the year variable had the function of accounting for variation in values for 
the dependent variables as a result of changing factors through the years. Factors to think about here 
are the increase or decrease of popularity of a single account, or Twitter in general, changing trends 
within a country (like an increase in the amount of smartphones or access to internet), a change in 
mindset towards communication via Twitter, or a change in generation (an increase in the amount of 
young people, who are generally more comfortable with social media). The data showed mixed results 
for this control variable. For the dependent variable likes, it can be concluded that the amount of likes is 
higher in the year 2016 than in prior years. However, for the dependent variable retweets this was not 
the case. For the third dependent variable replies, the data showed that in the years prior to 2016, there 
were actually more replies than in 2016 itself. From the data we can conclude that the changes occurring 
throughout the years, like growing popularity, changing trends within a country,  mindset towards 
communication via Twitter, or a change in generation, did not always have a statistically significant 
impact on the dependent variables. 
The last control variable, tweets per month (TPM), showed a statistically significant negative relationship 
with all three dependent variables. This leads to the conclusion that higher activity of a Twitter account 
might not always give positive results. Actually, if a Twitter account is more active, it should expect to 
receive relatively less likes, retweets and replies. This variable might thus account for some differences in 
likes, retweets and replies, but our main variable, language, still shows a statistically significant 
relationship with all three dependent variables, and thus supports the hypotheses. 
The insights provided by this can be used by diplomats all over the world, in less English proficient 
countries, but also more English proficient countries. It showed that the use of a native language instead 
of English can provide better results in terms of getting a response from an audience through Twitter, 
and could thus prove to be useful in improving the online two-way communication between diplomat 
and audience. Even though UN member countries and heads of state and government are largely using 
Twitter, there is still room for improvement in Twitter presence on lower diplomatic levels. Also, the 
accounts that are active, could improve on the use of native languages to reach their audiences. Many 
accounts tweet just in English, or only use native language in a small selection of tweets. I urge diplomats 
and organizations to step up their game and invest time in this social media platform, as it has become 
worldwide platform of communication in recent years. Making use of the platform is the first step, the 
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second is to utilize the effect an audience’s native language can have to reach a bigger audience and to 
engage this audience. This could prove to be a useful tool in a diplomat’s arsenal in reaching a system of 
two-way communication with his or her audience. 
The challenge for future scholars is to further develop research on this topic, as hopefully then, there will 
be more diplomats and organizations on multiple diplomatic levels using Twitter and utilizing an 
audience’s native language, thus providing more data. It is also important to acknowledge that the use of 
a certain language and its effects on public responses are just one aspect of the world of digital 
diplomacy. There are many more aspects that come into play regarding public responses. However, as 
shown by this study, this one aspect can actually make a difference in reaching an audience, being 
accepted by an audience, and getting an audience to respond and communicate.  
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